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PSPCLIP: Text—guided Human Clothing Image Editing
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(School of Computer Science and Artificial Intelligence , Wuhan Textile University , Wuhan 430200, China )

Abstract: Text guided human clothing image editing is a challenging computer vision task that aims to edit the clothing area of a given human

clothing image in accordance with text semantics. The existing StyleGAN based methods face difficulties in handling diverse clothing, body

shapes, and postures. To address these issues, a novel text conditional editing model PSPCLIP is proposed, which can directly encode human

clothing images and text prompt words into the hidden space of a pre trained unconditional generative adversarial network to achieve given text

conditional editing. Specifically, PSPCLIP enhances the editing process of steganography by using hierarchical style mapping and introducing

global self attention when generating the desired image; Simultaneously utilizing the powerful image text association capability of the pre

trained multimodal model CLIP to enforce target semantics. Through experiments on VITON images and comparisons with several advanced

text—based image editing methods, it was found that PSPCLIP can generate highly realistic images of human clothing and outperforms the con-

trol method in terms of editing performance , with an average improvement of 0.069 in semantics and an average decrease of 20.8 in FID.
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Fig.3 PSPCLIP editing result example
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Table 1 Comparison of performance indicators of different methods

K1 FEFEMBEIERLER

p8id) Semantics( T ) Identity sim. ( ) ToU(T) FID( )
HairCLIP'* 0.402 0.61 0.812 85.57
StyleCLIP! 0.390 0.54 0.834 90.25
TediGAN'?! 0.298 0.17 0.717 95.44
PSPCLIP 0.471 0.85 0.940 64.77
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3 UL S DR T RE 08 DR 2 4 I PRI 1 S8 25— BbE
Table 2 Loss ablation experiment results

®2 MEKHMIHER

e R Semantics( T ) Identity sim. ( T) IoU(T) FID(L)
Lo # 0.453 0.82 0.781 82.52
+L, 0.466 0.92 0.888 68.94
+£L,, 0450 0.92 0.884 65.66
+L,. 0446 0.93 0.939 64.91
e 0.471 0.85 0.940 64.77

BB +LCLIp
Fig. 6 Visualization results of loss ablation experiment
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Table 3 Quantitative results of module ablation study

R3 BEREMAREERER

5o Semantics( T ) Tdentity sim. ( 1) ToU(T)  FID( 1)

pSp 0.456 0.81 0.939 71.95
w/o transformer 0.453 0.84 0.937 65.59
w/o map2style 0.475 0.81 0.941 69.88
5644 TransPSP 0471 0.85 0.940 64.77
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